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Estimate: out.empirical.l
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Estimate: out.empirical.2
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Estimate: out.empirical.3
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Estimate: out.empirical.4
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Estimate: out.empirical.O
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Estimate: out.empirical.l
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Estimate: out.empirical.2
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Estimate: out.empirical.3
1.00

1.0
0.5 A
0.0 0.00
0 1
model_type

1.0

0.67
0.5 A
0.0 -

start_state



Estimate: out.empirical.4
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PCA: training aux. data
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PCA: training labels
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Density

Density: empirical aux. data
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Density

Density: empirical labels
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Density: training aux. data
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Density: training labels
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Train estimates: log_birth_1
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Train estimates: log_birth_2
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log_death estimate

Train estimates: log_death
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state_rate

Train estimates: log
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model_type estimate

Train estimates: model_type
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Train estimates: start_state
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Test estimates: log_birth_1
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Test estimates: log_birth_2
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log_death estimate

Test estimates: log_death
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Test estimates: log
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model_type estimate

Test estimates: model _type

model_type truth

1.0

0.8

- 0.4

- 0.2

0.0



start_state estimate

Test estimates: start_state
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